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Improvements in genome sequencing techniques have resulted in generation of huge vol-
umes of data. As a consequence of this progress, the genome assembly stage demands
even more computational power, since the incoming sequence ﬁles contain large amounts
of data.To speed up the process, it is often necessary to distribute the workload among a
group of machines. However, this requires hardware and software solutions specially con-
ﬁguredforthispurpose.Gridcomputingtrytosimplifythisprocessofaggregateresources,
but do not always offer the best performance possible due to heterogeneity and decentral-
ized management of its resources.Thus, it is necessary to develop software that takes into
account these peculiarities. In order to achieve this purpose, we developed an algorithm
aimed to optimize the functionality of de novo assembly software ABySS in order to opti-
mize its operation in grids.We run ABySS with and without the algorithm we developed in
the grid simulator SimGrid.Tests showed that our algorithm is viable, ﬂexible, and scalable
even on a heterogeneous environment, which improved the genome assembly time in
computational grids without changing its quality.
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INTRODUCTION
Genome studies radically changed when the ﬁrst technique for
sequencing DNA became available. Further improvements in
sequencing techniques have allowed sequences to be produced on
a large scale and inserted into a computer. Appropriate programs,
capableof processingdata,havebeendevelopedtofacilitateaccess
and make all of the information available throughout the process
(Morozova and Marra, 2008).
After DNA sequencing is necessary to re-build the complete
genome from the fragments obtained. This process is known as
genome assembly. Genome assembly uses programs that read
the sequences, in some cases ﬁnd redundancies between them
and merge the sequences, forming larger continuous consensus
sequences. Multiple rounds of assembly are sometimes required
for ﬁnd the best genome assembly sets. In the end of assembly
process is necessary ordering the contigs between them or by
anchoring in a reference genome to obtain the genome scaffold
(Fagin et al., 1992).
This entire process requires a large processing capacity, due
to enormous amount of sequences generated by modern equip-
ments.Evenasimpleorganismrequiresmanyhoursof processing
and memory for its complete assembly.
The increasing availability of computers with massive com-
putational power connected to high-speed networks has enabled
the aggregation of geographically dispersed resources for the exe-
cution of large-scale applications. This aggregation of resources
is called grid computing. Grid computing is a model that pro-
poses the use of computing resources of several machines located
in various places, even on separate continents, to solve prob-
lems that require massive computational power, such as data
mining, weather forecasting, computational biology, and medical
image processing (Foster, 2001; Foster et al., 2002; Berman et al.,
2003).
Grids are currently being used as an alternative for clusters
for achieving large-scale processing capacity. Grid computing dif-
fers from cluster computing because of the heterogeneity of their
resources(whichmayconsistofcomputerswithdifferentarchitec-
tures, operating systems, and processing capabilities) and due to
the dynamic character of the same. Cluster computing is deﬁned
asthesharingof resourcesworkingcooperativelyandmanagedby
a single global system synchronized and centralized. In grids, on
otherhand,eachnodehasitsownmanagerandresourceallocation
policy, which is not so visible (Foster et al., 2008).
Programs are composed of small pieces with speciﬁc respon-
sibilities and clearly deﬁned, called tasks. Each task has a set
of attributes, among them the priority that should be assigned
according to their importance. Each task is performed indepen-
dently,buttheyneedtointeractwitheachothersothatthesystem
meets its objectives. In order for rules to be applied to a set of
tasks that may use information from the various computers, it
is necessary to adopt appropriate scheduling policies for each
application.Applicationsof thetypebag-of-tasks(BoT)facilitates
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scaling because they are composed of independent tasks,allowing
the use of policies based on data from only a few systems. They do
notrequireinformationongridinfrastructure,suchasbandwidth,
network topology, and network latency. Policies can be called sta-
tic or dynamic, depending on how the schedule is set (Foster and
Kesselman,2004).
In spite of the BoT applications are simple, it is not easy job
to make the scheduling in a heterogeneous and dynamic environ-
ment such as grid computing. The scheduling of independents
tasks in grid is still difﬁcult due to the use of resources that are
shared and due restraint created by other applications, which are
running simultaneously. To obtain a good performance in this
type of situation requires the use of good information to make
scheduling more efﬁcient. In order to achieve this purpose, we
developedadynamicalgorithmforBoTapplicationsongridenvi-
ronmentsbecauseithasabettermatchanddonotrequiredetailed
information (Cirne et al., 2007; Ghanem et al., 2010).
The employment of an efﬁcient algorithm for managing
resources is crucial to reduce the time needed to ﬁnish tasks
in a grid. Here, we propose a task scheduling algorithm that
takes grid characteristics into account and can be implemented
within ABySS, software used for parallelized de novo genome
assembly, in order to optimize the performance of the genome
assembly stage and consequently improve the efﬁciency of this
processasawhole(BittencourtandMadeira,2006;Simpsonetal.,
2009).
MATERIALS AND METHODS
Themaingoalofourexperimentswastoevaluatetheperformance
of ABySS using the scheduling algorithm that we developed com-
pared to the default scheduler bundled with ABySS. The ABySS is
a software used for the de novo genome assembly and can be used
in grids by using message passing interface (MPI) for the com-
municationbetweennodes(Pacheco,1996). Reads are distributed
among the nodes to form a distributed graph,such that each node
knows where the rest of the graph is. The proposed algorithm acts
only at this stage of assembly of the distributed graph (Simpson
et al.,2009).
These experiments allowed us to evaluate the inﬂuence of the
heterogeneity of networks (different speeds),heterogeneity of the
tasks(sizevariation),andthegranularityof tasks(numberof tasks
per machine). We used genomic data available from the Institute
of Biological Sciences, Federal University of Para, consisting in a
set of 33 millions short reads with ﬁxed length (25bp) and 110×
coverage of Corynebacterium pseudotuberculosis I19 genome. The
data is available on http://sourceforge.net/projects/abyssgrid/ﬁles
(Silva et al., 2011).
Toperformtheexperiments,weusedthetoolkitSimGrid3.6.1.
This toolkit provides basic functions for simulation of distributed
applicationsingridcomputingenvironments. Thisisastructured
set of functions implemented in C language for the simulation
driven to events,using an extendend mackup language (XML) ﬁle
as input to deﬁne the network topology and the characteristics of
resources and responsibilities. In these simulations, the network
transfer times are negligible, because the focus of this analysis to
verify the processing efﬁciency of the CPUs using the proposed
task scheduler (Casanova, 2001).
In order to run a simulation in SimGrid, it is necessary to
perform the following steps (Legrand et al.,2003):
(a) Model the application deﬁning the code of each agent.
(b) Model the physical platform deﬁning the resources. This
consists in to deﬁne hosts, links, and the network topology.
(c) Modeltheﬁleof deploymentof application,whereisspeciﬁed
the location of the creation and allocation of agents.
(d) Run the simulation.
The experiments were conducted with six heterogeneous
machines, i.e., with different operating systems, hardware, and
processing power. The tasks used in the simulation also have dif-
ferent sizes. Simulations with ABySS were performed with and
without our algorithm,for comparison purposes. Only the k-mer
(length hash) parameter was changed to 17,such value has proved
satisfactory.
Theproposedschedulerdoesnotchangethemodeof actionof
ABySS, just the way as the tasks are distributed among the nodes.
Thus, the ﬁnal assembly was not altered, because the main goal is
not to improve the quality of the assembly using the ABySS, but
minimize the processing time that this step demands.
RESULTS
The scheduler developed in the C language provides ABySS with
thecapacitytodistributehistasksaccordingtotherulesabove.All
the ﬁles (the scheduler itself, the conﬁguration ﬁles for SimGrid,
the dataset used, and the detailed instructions) are available on
http://sourceforge.net/p/abyssgrid.
Figure 1 shows the mean execution times of the scheduling
algorithm. Each point summarizes six levels of heterogeneity of
machinesandtasks.Thetrend,whichcanbeobservedinFigure1,
is that in situations with a greater number of tasks per machine
and less granularity, performance improves when there are many
tasks. The scheduler dynamically manages to keep all processors
busymostof thetime.Thesituationchangesonlyattheendof the
execution due to load imbalance, which degrades performance.
Another point to consider is the execution time of tasks, which is
FIGURE1|S c hedule performance granularity.
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FIGURE 2 | Machine heterogeneity.
FIGURE3|S c hedule heterogeneity.
relatively long because of the large computational load in the case
of genomic data.
Figure2showstheimpactof theheterogeneityof themachines
in the grid. Each point shows the levels of heterogeneity of tasks.
We can conclude that the scheduler responds effectively in terms
of processing time, even when machines are very heterogeneous.
As shown in Figure 2, we can observe that processor 3 failed
to perform well, because of the considerable heterogeneity of
the machines. The possibility of a slow machine performing a
large task is considerable, though it has only a small impact
on the execution time of tasks, as was the case for processors
4 and 5.
Figure3showstheimpactofheterogeneityontheperformance
of the tasks scheduling algorithm. Each dot shows the tasks that
were performed. We can conclude that the heterogeneity of the
tasks did not have a signiﬁcant impact on the performance of the
task scheduler that we proposed, demonstrating its efﬁciency in
this context.
Figure 4 show that using ABySS without our algorithm spent
more time spent to execute all the tasks in the same environment.
FIGURE 4 | Heterogeneity ofABySS.
This is due to the fact that the ABySS uses, to distribute its tasks,
the ﬁrst in, ﬁrst out (FIFO) algorithm, which does not take into
account the differences between the available resources in the
environment or its load.
DISCUSSION
Grid computing has greatly advanced because of the demand
for scientiﬁc applications that require processing, storage, and
manipulationof largeamountsof information.Fieldsthatrequire
such processing power include molecular biology,astronomy,and
earthquake prediction.
Genome sequencing techniques are also advancing and gen-
erating very large amounts of data that must be processed using
resources with great computational power. Computational grids
can be used to address this demand for execution of parallel or
distributed applications. Though computers have become much
more powerful, the genome assembly stage continues to confront
limitations because of the type and volume of data generated by
next-generationsequencers.Increasingamountsof dataexponen-
tially rise the processing time,which can overwhelm the assembly
process,sothatitbecomesnecessarytoimplementtechniquesthat
will minimize these limitations.
Futureworkwillbebasedonimprovementsintheschedulerso
the distribution of tasks is made by ﬁrst checking if the processors
available have enough computing power to speed up processing.
These improvements will be checked by testing genome assembly
in real computational grids.
Based on the experiments, the obtained results were consid-
ered satisfactory, since the assembly can be completed, and when
such results are compared to the assembly without the use of the
scheduler developed, they proved to be faster. The fact of the
machines has used different conﬁgurations, and the tasks have
different sizes, such fact did not affect signiﬁcantly the comple-
tion and assembly performance. The simulations also showed
that the scheduling algorithm submitted to testing can be con-
sidered scalable in its entirety, since it reached a minimum efﬁ-
ciency, and for any tested task, there was a minimum number of
processors available or imminently available to be perform the
processing.
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CONCLUSION
We proposed a scheduling algorithm for computer grids, using
thedenovo assemblysoftwareABySS.Thealgorithmprovedbeing
very effective in tests with heterogeneous tasks, and there was
no impact on processor performance. However, when granular-
ity increased, we identiﬁed a small imbalance, causing decreased
processor performance. The runtime of the tasks did not affect
processorperformanceintheteststhatwerun.Whenthetestswere
performed with a heterogeneous group of machines, the sched-
uler responded effectively to the processing challenge. Even when
therewasdeteriorationinperformanceduetoaslowmachinethat
was allocated a large task,other processes ended up compensating
for the slight loss of time in the task. The task scheduler opti-
mally performed the tests conducted on heterogeneous machines.
Bioinformatics researchers can use this tool to optimize genome
assembly processes.
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